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Abstract

This study examined internal and external stimuli influencing faculty adaptation to digital transformation in higher
education settings. The study applies cross-sectional survey of 154 faculty members from Kazakhstani universities
used validated instruments. Results revealed a clear stimulus hierarchy: internal stimuli (intrinsic motivation, self-
efficacy) explained 21% of unique variance in technology acceptance, compared to 4% for organizational support
and less than 1% for external negative stimuli. Age significantly moderated these relationships. Internal stimuli were
stronger predictors for younger faculty ( = 0.42 vs. 0.18), while organizational support was more critical for older
faculty (f = 0.34 vs. 0.08). External pressure showed harmful effects only among senior faculty members (B =—0.31).
The cluster analysis that identified four faculty typologies characterized by distinct stimulus-response profiles. These
findings suggest that successful digital transformation requires age-differentiated, autonomy-supportive institutional
approaches rather than uniform mandates. The study findings can help to promote digital transformation across higher
education institutions more effectively.

Keywords: digital transformation, stimuli, higher education, faculty motivation, technology acceptance,
organizational support.

Introduction

The digital transformation of higher education represents one of the most significant organizational
changes facing universities worldwide. This transformation extends beyond the mere adoption of new
technologies to encompass fundamental shifts in pedagogical practices, professional identities, and
institutional cultures [1, 2]. While considerable research has examined barriers to technology adoption
among educators, comparatively less attention has been devoted to understanding what stimulates
successful adaptation — the internal and external drivers that motivate faculty members to genuinely
embrace technological change rather than simply comply with institutional mandates [3].

The urgency of understanding faculty adaptation has intensified in recent years. The COVID-19
pandemic forced unprecedented rapid digitalization of higher education, exposing significant variability
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in faculty technological readiness and adaptation capacity. While some faculty members transitioned
seamlessly to online teaching, others struggled significantly, and post-pandemic research suggests
that many faculty have reverted to pre-pandemic practices despite institutional investments in digital
infrastructure. This variability raises fundamental questions about what drives sustained adaptation
versus temporary compliance — questions that require systematic investigation of the stimuli that
promote genuine pedagogical transformation.

The distinction between adoption and adaptation is crucial for understanding faculty responses to
digital transformation. Technology adoption refers to the decision to begin using a new technology,
often measured as a discrete event or behavioral intention. Adaptation, by contrast, encompasses the
ongoing process of integrating technology into existing practices, modifying one’s approach based
on experience, and ultimately transforming one’s professional identity to incorporate technological
competence as a core element. While adoption may occur in response to external mandates or
momentary enthusiasm, sustained adaptation requires deeper engagement with the change process —
engagement that must be stimulated and maintained over time.

Faculty members occupy a pivotal position in institutional digital transformation efforts. Unlike
administrative processes that can be mandated and monitored, pedagogical practices occur largely
within the autonomy of individual classrooms and courses. The success of institutional digitalization
initiatives therefore depends fundamentally on faculty members’ willingness to adapt their teaching
practices — a willingness that cannot be compelled but must be cultivated through appropriate stimuli.
Understanding what drives faculty adaptation is thus not merely an academic question but a practical
imperative for higher education administrators seeking to optimize digital transformation investments.
Self-Determination Theory (SDT) provides a comprehensive framework for understanding how
different types of stimuli influence human motivation and behavior [4, 5]. At the core of SDT is
the distinction between autonomous motivation — engaging in activities because they are inherently
interesting, personally valuable, or aligned with one’s identity and controlled motivation — engaging
in activities due to external pressure, internal compulsion, or fear of negative consequences. Research
consistently demonstrates that autonomous motivation produces superior outcomes across multiple
domains, including deeper engagement, greater persistence, enhanced creativity, and improved
psychological wellbeing [5]. SDT further differentiates types of extrinsic motivation along a continuum
of internalization. External regulation represents the least autonomous form, where behavior is
controlled entirely by external contingencies such as rewards or punishments. Introjected regulation
involves partial internalization, where behavior is driven by internal pressure such as guilt, shame,
or ego-involvement. Identified regulation occurs when individuals consciously value and accept the
importance of a behavior, even if it is not inherently enjoyable. Finally, integrated regulation represents
full internalization, where the behavior becomes part of one’s identity and values system. Research
consistently shows that more autonomous forms of motivation (identified and integrated regulation)
produce outcomes similar to intrinsic motivation, while controlled forms (external and introjected
regulation) produce inferior outcomes [5].

Applied to digital transformation, SDT suggests that faculty members who adopt new technologies
primarily due to administrative mandates or fear of negative evaluation (external regulation) may
comply superficially but are unlikely to engage in the deep learning and practice transformation that
characterizes genuine adaptation. Faculty members who adopt technology due to internal pressure
or desire to avoid feeling inadequate (introjected regulation) may show initial engagement but are
vulnerable to burnout and disengagement. In contrast, faculty members who genuinely value digital
pedagogy as important for student learning (identified regulation) or who find technological exploration
inherently satisfying (intrinsic motivation) are more likely to persist through difficulties and achieve
sustained adaptation [6].

The role of self-efficacy in technology adoption has been well-established in the research
literature. Self-efficacy refers to individuals’ beliefs about their capability to successfully perform
specific behaviors [8]. In the context of digital transformation, faculty with high technology self-
efficacy believe they can master new tools, troubleshoot problems, and integrate technology effectively
into their teaching. Research consistently demonstrates that self-efficacy predicts technology adoption
intentions and behaviors, mediates the effects of training and experience, and buffers against technology
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anxiety. Importantly, self-efficacy is malleable — it can be enhanced through mastery experiences,
vicarious learning, verbal persuasion, and attention to physiological states.

Organizational support represents a critical external stimulus for faculty adaptation. Perceived
organizational support refers to employees’ beliefs about the extent to which their organization values
their contributions and cares about their wellbeing. In digital transformation contexts, organizational
support encompasses multiple dimensions: technical support (responsive IT assistance, adequate
equipment), pedagogical support (instructional design consultation, teaching-focused training),
temporal support (time allocation for learning and experimentation), and emotional support
(acknowledgment that adaptation is challenging, patience with difficulties). Research suggests that
organizational support operates through multiple mechanisms: it directly facilitates skill development,
it signals institutional commitment that encourages reciprocal effort, and it may buffer against the
negative psychological effects of adaptation challenges.

Age has emerged as one of the most consistent predictors of technology attitudes and adoption
in both general and educational populations [13, 14]. Older adults tend to report lower technology
self-efficacy, higher technology anxiety, and greater resistance to change compared to younger adults.
Multiple explanations have been proposed for these differences. Generational explanations emphasize
that older adults did not grow up with digital technology and may therefore lack the intuitive familiarity
that younger adults possess. Cognitive explanations suggest that age-related changes in processing
speed, working memory, and learning capacity may make technology adoption more effortful for older
adults. Career-stage explanations note that senior faculty have established successful practices over
decades and may reasonably question whether the costs of changing these practices are justified by
potential benefits.

However, these age differences may not simply reflect lower ability among older faculty but rather
differential responsiveness to different types of stimuli. Younger faculty, who may view technological
competence as integral to their professional identity and who possess high baseline self-efficacy,
may require minimal external stimulation to pursue adaptation. For these faculty, intrinsic curiosity
and professional values may be sufficient drivers. Older faculty, by contrast, may require stronger
organizational support to overcome higher baseline anxiety and lower self-efficacy. Moreover, older
faculty may be more sensitive to the autonomy-undermining effects of mandates and pressure, having
developed strong professional identities and expectations of respect over their careers. Understanding
how stimulus effectiveness varies by age could inform more targeted and effective intervention
strategies.

This study addresses these questions by examining how internal stimuli (intrinsic motivation,
self-efficacy, identified regulation) and external stimuli (organizational support, external positive
motivation, external negative motivation) influence faculty adaptation to digital transformation in
Kazakhstani higher education. The Kazakhstani context is particularly relevant given the country’s
strategic emphasis on educational modernization and digital transformation, combined with a faculty
workforce that spans generations with very different relationships to digital technology.

Specifically, we investigate the relative effectiveness of different stimulus types, the moderating
role of age, the potential buffering effect of organizational support against negative stimuli, and the
existence of distinct faculty typologies characterized by different stimulus-response profiles. The
study employs validated Russian-language instruments to ensure measurement validity in this context.

Research Hypotheses:

H1: Internal stimuli will show stronger associations with adaptation outcomes than external
stimuli.

H2: Positive external stimuli (support) will be more effective than negative external stimuli
(pressure).

H3: Stimulus effectiveness will vary by age: (a) internal stimuli stronger for younger faculty; (b)
organizational support stronger for older faculty; (c) negative stimuli more harmful for older faculty.

H4: Organizational support will mediate negative stimulus effects.

HS: Self-efficacy will moderate positive stimulus effectiveness.

Hé6: Distinct stimulus profiles will characterize different faculty typologies.
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Materials and methods

The sample consisted of 154 faculty members from public (47.4%), private (27.9%), and national
research universities (24.7%) in Kazakhstan.

Table 1 — Demographic characteristics (N = 154)

Characteristic n %
Gender
Female 93 60.4
Male 61 39.6
Age group
25-34 years 27 17.5
35-44 years 50 32.5
45-54 years 38 24.7
55-64 years 29 18.8
65+ years 10 6.5
Academic position
Lecturer 18 11.7
Senior Lecturer 44 28.6
Associate Professor 52 33.8
Professor 40 26.0
Note: Complied by the authors.

All instruments used in this study are in Russian language, including standardized instruments
with validated Russian adaptations and author-developed scales created specifically for this research.
Academic Motivation Scale (AMS). The Russian adaptation by Gordeeva and Sychev [7] assessed
intrinsic motivation (12 items) and identified regulation (4 items) on a 7-point scale (o = .85—.89);
General Self-Efficacy Scale (GSES). The Russian adaptation by Romek [8] measured generalized self-
efficacy with 10 items on a4-pointscale (a=.85); Professional Motivation Methodology (Zamfir-Rean).
This Russian methodology [9] assessed internal motivation, external positive motivation, and external
negative motivation (12 items total, 5-point scale); Spielberger State-Trait Anxiety Inventory (STAI).
The Russian adaptation by Khanin [10] measured state and trait anxiety (40 items, 4-point scale);
Maslach Burnout Inventory (MBI). The Russian adaptation by Vodopyanova [11] assessed burnout
dimensions (22 items, 7-point scale); Perceived Stress Scale (PSS-10). The Russian validation by
Ababkov et al. [12] measured perceived stress (10 items, 5-point scale); Organizational Support Scale.
Developed in Russian for this study, 16 items measuring technical support, pedagogical support, time
allocation, and emotional support on a 7-point Likert scale (o = .87); Technology Acceptance Scale.
Developed in Russian for this study, 16 items measuring perceived usefulness (6 items), perceived
ease of use (6 items), and behavioral intention (4 items) on a 7-point Likert scale (o = .89); Digital
Competence Self-Assessment. Developed in Russian for this study, 12 items measuring self-reported
competence in educational technology use on a 5-point scale (o = .84).

Participants completed an anonymous online survey in Russian (25-35 minutes). Analyses were
conducted using R version 4.3.3: (1) descriptive statistics; (2) Pearson correlations; (3) hierarchical
regression; (4) moderation analysis (Age X Stimulus); (5) mediation analysis (bootstrapping, 5000
resamples); (6) k-means cluster analysis.

Results and discussion

Internal stimuli showed consistent positive correlations with adaptation outcomes (r = .29 to .65)
and negative correlations with anxiety and burnout. External negative motivation showed the opposite
pattern, with strong negative correlations with adaptation (r = —.36 to —.42) and positive correlations
with psychological distress.
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Table 2 — Correlations between stimuli and adaptation outcomes

Variable Tech Accept Digital Comp State Anxiety Burnout
Internal Stimuli
Intrinsic motivation S4EEH S58H** — 42Hk —38FxE
Identified regulation Kol 29%** —-.08 -11
General self-efficacy O HE LO5HHH —.55%%* —44x%*
Internal prof. motivation AHHE S — 39k — 35%xk
External Stimuli
Organizational support A43HEE ) oo = 31F** —28%**
External positive mot. 21%* 24%% —.06 —.08
External negative mot. —.36%** —42H%* ALEEE 45%E
Note: **p < .01, ***p < .001. Complied by the authors.

Internal stimuli explained 21% of variance beyond demographics, organizational support added
4%, and external negative motivation added only 1% (non-significant). This strongly supports H1

and H2.

Table 3 — Hierarchical regression predicting technology acceptance

Step / Predictor B AR? Cumulative R?
Step 1: Demographics 34k .34
Age —0.57%**

Gender 0.05

Step 2: Internal Stimuli D HEE .55
Intrinsic motivation 0.26%**

General self-efficacy 0.29%**

Identified regulation 0.09

Step 3: External Positive .04%* .59
Organizational support 0.19%*

External positive mot. 0.07

Step 4: External Negative .01 .60
External negative mot. —0.09

Note: **p < .01, ***p <.001. Compiled by the authors.

All H3 sub-hypotheses were supported. Intrinsic motivation was more effective for younger
faculty, organizational support was critical for older faculty, and external negative stimuli harmed

only older faculty.

Table 4 — Age moderation of stimulus-outcome relationships

Interaction B P Simple Slopes
Age 30
Intrinsic Mot x Age 0.18 .009 B=0.42%%*
Self-Efficacy x Age 0.11 .089 B =0.35%**
Org Support x Age -0.21 .004 B=0.09
Ext Negative x Age —-0.16 .022 B=-0.07

Note: *p <.05, **p <.01, ***p < .001. Compiled by the authors.

Organizational support partially mediated negative stimulus effects (H4 supported). The mediation

was significant only for older faculty.
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Table 5 — Organizational support as mediator of external negative stimuli effects

Path Effect 95% CI
Total effect (c) —0.36%**
Direct effect (¢”) —0.24**
Indirect effect (ab) —0.12%* [-0.19, —0.06]
By Age Group
Faculty under 35 —0.06 [-0.13, 0.01]
Faculty 55+ —0.19%** [-0.29, —0.10]
Note: *p <.05, **p <.01, ***p <.001. CI = bootstrapped confidence interval. Compiled by the authors.

The interaction between intrinsic motivation and self-efficacy predicted technology acceptance
(B =0.15, p = .024). Intrinsic motivation was a stronger predictor for high self-efficacy faculty (p =
0.41) than low self-efficacy faculty (B = 0.18), supporting H5.

K-means cluster analysis identified four faculty typologies explaining 58.6% of variance.

Table 6 — Faculty typologies: stimulus profiles and characteristics

Cluster n (%) Mean Age | Intrinsic Mot Self-Efficacy Ext Neg Mot | Tech Accept

Digital Leaders 24 31.2 5.42 (high) 34.8 (high) 2.91 (low) 5.18 (high)
(15.6%)

Digital 42 38.7 4.56 (above 30.2 (above 3.24 (avg) 4.32 (above
Enthusiasts (27.3%) avg) avg) avg)
Pragmatic 46 49.4 3.89 (avg) 27.5 (avg) 3.78 (above 3.56 (avg)
Adapters (29.9%) avg)
Resistant 42 58.6 2.94 (low) 22.1 (low) 4.51 (high) 2.68 (low)
Skeptics (27.3%)
Note: Compiled by the authors.

Distinct patterns emerged (H6 supported): Digital Leaders showed ceiling effects; Digital
Enthusiasts responded to recognition; Pragmatic Adapters required organizational support; Resistant
Skeptics were most harmed by external pressure.

Table 7 — Within-cluster stimulus effectiveness (correlation with technology acceptance)

Stimulus Digital Leaders Digital Enthusiasts Pragmatic Adapters | Resistant Skeptics
Intrinsic motivation .19 36%* 31* .14
Self-efficacy 22 38* A2%* 35%
Organizational support 24 33% 4gHHE A1%*
External positive .08 4% 24 12
External negative —-.16 -21 —.29% —.52%*E
Note: *p < .05, **p < .01, ***p < .001. Compiled by the authors.

The present study examined the role of internal and external stimuli in faculty adaptation to
digital transformation in higher education. Results demonstrate a clear and consistent hierarchy
of stimulus effectiveness that has important implications for both theory and practice. Internal
stimuli — specifically intrinsic motivation and general self-efficacy — explained substantially more
variance in adaptation outcomes (21%) than external positive stimuli such as organizational support
(4%) or external negative stimuli such as mandates and pressure (<1%). This pattern strongly supports
Self-Determination Theory predictions that autonomous motivation produces superior behavioral
and psychological outcomes compared to controlled motivation [4, 5]. The findings reveal that not
all external stimuli operate equivalently. Organizational support, while contributing modest unique
variance to adaptation outcomes, emerged as a consistently positive factor across all analyses. In
contrast, external negative motivation — characterized by fear of criticism, avoidance of penalties, and
pressure from administration — showed either null or negative relationships with adaptation outcomes.
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Most critically, when internal stimuli and organizational support were statistically controlled, external
negative stimuli contributed virtually no unique variance to adaptation, suggesting that their bivariate
correlations with outcomes reflect shared variance with other factors rather than direct causal effects.
Age emerged as a critical moderator of stimulus-outcome relationships, fundamentally reshaping
how we should conceptualize faculty responses to digital transformation initiatives. Younger faculty
members (aged 25-34) effectively translate intrinsic motivation into adaptation outcomes, showing
strong positive relationships between internal stimuli and technology acceptance. For these faculty
members, who have grown up with digital technology and may view technological competence
as integral to their professional identity, internal motivation appears sufficient to drive adaptation.
External support, while not harmful, adds relatively little beyond what internal motivation already
provides. The pattern reverses dramatically for senior faculty members (aged 55 and older). For
this population, organizational support becomes the critical factor, showing substantially stronger
relationships with adaptation outcomes than among younger colleagues. Most critically, external
negative stimuli — mandates, monitoring, pressure — showed harmful effects only among senior faculty,
with significant negative relationships with technology acceptance that were absent among younger
faculty. This finding suggests that coercive implementation approaches are not merely ineffective but
actively counterproductive precisely among the population that most needs support for successful
adaptation. The present findings make several contributions to theoretical understanding of faculty
adaptation to digital transformation.

First, the study extends the application of Self-Determination Theory to higher education
technology adoption by demonstrating that the theory’s core predictions — regarding the superiority
of autonomous over controlled motivation — hold across diverse faculty populations and institutional
contexts. The magnitude of difference between internal and external stimulus effectiveness (21%
vs. 4% vs. <1% unique variance) provides strong evidence for SDT’s relevance to understanding
faculty technology adoption.

Second, the study advances understanding of age differences in technology adoption by identifying
the mechanism underlying these differences. Previous research has consistently documented that
older adults show lower technology self-efficacy, higher technology anxiety, and lower technology
adoption rates [13, 14, 15]. However, these findings have often been interpreted as reflecting cognitive
decline, reduced learning capacity, or simple generational unfamiliarity with technology. The present
findings suggest an alternative interpretation: older faculty may not be less capable of adaptation but
rather differently responsive to adaptation stimuli. Where younger faculty thrive on autonomy and
intrinsic interest, older faculty require stronger organizational support and are more vulnerable to the
demotivating effects of external pressure.

Third, the mediation analysis revealed that organizational support partially buffers the negative
effects of external pressure on adaptation outcomes, but only for older faculty. This finding has
important theoretical implications. It suggests that organizational support operates not merely as a direct
facilitator of adaptation but also as a protective factor that shields faculty from the psychological costs
of coercive implementation approaches. For institutions that must implement mandates, simultaneous
investment in robust support infrastructure may mitigate — though not eliminate — the negative effects
of pressure-based approaches.

Fourth, the identification of four distinct faculty typologies — Digital Leaders, Digital Enthusiasts,
Pragmatic Adapters, and Resistant Skeptics — advances understanding of faculty heterogeneity in
technology adoption. These typologies are characterized not merely by different levels of technology
acceptance but by qualitatively different stimulus-response patterns. Digital Leaders show ceiling
effects and respond primarily to autonomy; Digital Enthusiasts respond to recognition and growth
opportunities; Pragmatic Adapters require practical demonstration of benefits and reliable support;
Resistant Skeptics are most harmed by external pressure and most helped by patient, peer-based
support. This typology suggests that one-size-fits-all approaches to stimulating faculty adaptation are
likely to be suboptimal.

The findings have substantial implications for higher education administrators and policymakers
seeking to facilitate faculty adaptation to digital transformation. The most fundamental implication is
that mandate-centered approaches are unlikely to produce genuine adaptation. While mandates may
produce compliance — faculty may technically use required systems and meet minimum requirements —
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they do not produce the deep engagement, skill development, and practice transformation that
characterizes genuine adaptation. The finding that external negative stimuli contributed less than 1%
unique variance to adaptation outcomes when other factors were controlled suggests that pressure-
based approaches add virtually nothing beyond what intrinsic motivation and organizational support
already provide.

Instead, institutions should prioritize the cultivation of internal motivation and the provision of
robust organizational support. For internal motivation, this means creating conditions that support
faculty autonomy (allowing choice in which technologies to adopt and how to integrate them),
competence (providing training that builds confidence), and relatedness (fostering communities of
practice around educational technology). For organizational support, this means investing in responsive
technical assistance, pedagogical consultation, time allocation for learning and experimentation, and
emotional acknowledgment that adaptation is challenging.

The age moderation findings suggest that intervention strategies should be differentiated by
career stage. For younger faculty, the primary strategy should be providing autonomy, innovation
opportunities, and leadership roles in technology initiatives. These faculty members are likely to
adapt successfully with minimal intervention, and excessive oversight may actually undermine their
intrinsic motivation. For mid-career faculty, recognition of their efforts and provision of advanced
training opportunities may be most effective. For senior faculty, patient support, peer modeling (by
faculty of similar age), ample time for learning, and explicit avoidance of mandate-based approaches
are essential.

The cluster-specific findings provide additional guidance for targeted interventions. Digital
Leaders (15.6% of sample) require minimal intervention and may serve effectively as peer mentors
and innovation champions; the primary risk is constraining their exploration through overly restrictive
policies. Digital Enthusiasts (27.3%) are well-positioned for peer mentoring roles and respond positively
to recognition; institutions should leverage their enthusiasm while providing growth opportunities.
Pragmatic Adapters (29.9%) require clear demonstration of practical benefits and reliable ongoing
support; abstract appeals to innovation or student expectations are unlikely to be effective. Resistant
Skeptics (27.3%) require the most careful handling: patient, individualized support from peers of
similar age, explicit respect for their pedagogical expertise, and complete avoidance of pressure-based
approaches.

Several limitations should be acknowledged when interpreting these findings. First, the cross-
sectional design precludes definitive causal inferences. While the theoretical framework and analytical
approach support directional interpretations, longitudinal research is needed to confirm that changes in
stimuli produce changes in adaptation outcomes over time. Future studies should track faculty cohorts
through digital transformation initiatives, measuring stimulus exposure and adaptation outcomes at
multiple time points.

Second, all measures were self-reported, introducing potential common method variance and
social desirability bias. Faculty may overreport intrinsic motivation or underreport technology anxiety.
Future research should incorporate objective measures of technology use (e.g., learning management
system analytics), peer ratings of digital competence, or behavioral indicators of adaptation.

Third, the sample was drawn from a single country (Kazakhstan), limiting generalizability to other
cultural and institutional contexts. The post-Soviet higher education context may have distinctive
features — including particular relationships between faculty and administration, specific generational
experiences with technology, and unique institutional cultures — that shape stimulus-response patterns.
Cross-cultural replication, particularly in Western European, North American, and East Asian contexts,
is needed to assess the generalizability of the findings.

Fourth, while the author-developed scales demonstrated acceptable reliability, their validity
requires further investigation. Future research should examine convergent and discriminant validity
with established measures and assess measurement invariance across demographic groups.

Finally, the study examined adaptation stimuli at the individual level but did not assess institutional-
level factors such as organizational culture, leadership style, or resource allocation. Future research
should employ multilevel modeling to examine how institutional factors moderate the effectiveness of
individual-level stimuli.

82



Scientific and practical journal EJICRP&P No. 3(16) 2026

Conclusion

The digital transformation of higher education presents both opportunities and challenges for
faculty members across all career stages. This study provides empirical evidence that successful
adaptation to digital transformation depends more on internal stimuli — intrinsic motivation, self-
efficacy beliefs, and internalized professional values — than on external pressures, mandates, or
accountability mechanisms. The finding that internal stimuli explained five times more variance in
adaptation outcomes than organizational support, and more than twenty times more variance than
external negative stimuli, underscores the fundamental importance of autonomous motivation in
driving genuine pedagogical transformation.

Perhaps more importantly, this study reveals that faculty members are not a homogeneous
population with uniform responses to adaptation stimuli. Age emerged as a critical moderator, with
younger and older faculty showing qualitatively different stimulus-response patterns. Younger faculty
effectively translate intrinsic motivation into adaptation with minimal external support, while older
faculty depend heavily on organizational support and are uniquely vulnerable to the demotivating
effects of coercive approaches. The identification of four distinct faculty typologies — Digital Leaders,
Digital Enthusiasts, Pragmatic Adapters, and Resistant Skeptics — further emphasizes that effective
digital transformation strategies must be differentiated rather than uniform.

The practical implications of these findings are clear. Institutions seeking to promote faculty
adaptation to digital transformation should invest in creating conditions that support autonomous
motivation: faculty autonomy in technology choices, competence-building through effective training,
and communities of practice that foster professional connection around educational technology.
Simultaneously, institutions should provide robust organizational support — technical assistance,
pedagogical consultation, time allocation, and emotional acknowledgment — particularly for mid-
career and senior faculty.

What institutions should avoid is equally clear. Mandate-centered approaches that rely on external
pressure, monitoring, and accountability are unlikely to produce genuine adaptation and may actively
undermine adaptation among senior faculty. The finding that external negative stimuli showed harmful
effects specifically among older faculty — the population often most in need of support — suggests that
coercive approaches are not merely ineffective but counterproductive.

In conclusion, successful digital transformation in higher education requires a fundamental shift
in institutional approach: from compelling compliance to cultivating commitment, from mandating
behavior to supporting motivation, and from treating faculty as a uniform population to recognizing
the diverse stimulus-response patterns that characterize different faculty segments. The investment
required for such an approach — in training, support infrastructure, and patience — is substantial. But
the alternative — superficial compliance without genuine transformation — represents a poor return on
the considerable resources institutions invest in digital transformation initiatives.

Funding information. The article was prepared within the framework of the grant-funded project
of the Ministry of Science and Higher Education "Zhas Galym" (“The psychological impact of digital
technologies on faculty motivation in the context of transformation of the higher education system”
IRN AP25795481)
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YHUBEPCHUTET OKBITYIIBIJIAPBIHbIH HIU®PIbIK TPAHCO®OPMALHUAFA
BEMIMJEJNY NPOUECIHAETT BIHTAJTAHABIPY ILIBI ®PAKTOPJIAP:
TEXHOJIOT'UAJIBIK O3T'EPICTEPAIH IIUIKI )KOHE CBIPTKbI JPAUBEPJIEPI

AHjgaTna

By 3eprreyne skoraphl 6inmiM Oepy KyieciHae Tmpodeccop-OKBITYIIBUIAP KYPaMBIHBIH TUQPIBIK TpaHCPOp-
Marusra OeifimzenyiHe ocep eTeTiH iIIKi JKOHE CHIPTKBI BIHTAJAHIABIPYIIBI (GaKTopiap KapacThIpbUIAbl. JKyMBICcTa
BaJIMIAlMSIIAHFaH Kypayiapibl KoJijlaHa OThIpbIN, KazakcraH >KOFapbl OKY OpBIHAAPBIHBIH 154 OKBITYIIBICBIHA
KUMaJbIK (KeJIJCHEeH) cayaiHama >Kyprisiui. HoTmwkenep biHTanaHABIPYIIbl (haKTOpap/blH aiKbIH HepapXUsChIH
KOPCETTI: IMIKI BIHTAIAHIBIPYIIBI (akTopirap (1MIKi MOTHUBALMS, ©31HIIK THIM/UIIK) TEXHOJIOTHSIHBI KaObLIIay/IaFbl
Oipereil nucnepcusiHblH, 21%-bIH TYCIHIIpAI, al YHBIMIBIK Koijay — 4%-bIH, CBHIPTKBI HETaTHBTI (hakTopriap —
1%-nan a3prH TYCiHAipai. XKac ockl e3apa GaiilaHBICTapAbIH MAaHBI3IBl MOAECPATOPHI OONIBL. [IIKi BIHTATaHBIPYIIIET
(haxTOpmap >kac OKBITYIIBUIAp YIIH KymTipek Oommkaymbsl 6oiael (B = 0,42-re xapcst 0,18), am yHBIMIBIK Komaay
eIJIe JKaCTarbl OKBITYIIBLIAP YIiH MaHbI3abIpaK 00sabl (f = 0,34-ke kapcbl 0,08). ChIPTKbI KbICHIM TCK €IIE )KACTaFbI
OKBITYIIBUIAP apachlHAa FaHa 3ustHAbI ocep kepcerTi (B = —0,31). Kiactepiik Tanmay «bIHTaJAaHIBIPY — KayarD
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OeltiHziepi apTypili OKBITYIIBIIAPBIH TOPT TUIOJOTHICHIH aHbIKTayFa MYMKIHIIK Oepai. byn HoTmxkenep TaObICThI
U QpIIBIK TpaHchopManys OipKeIKi TUPEKTHBAIIBIK HYCKayJIap/IbIH OpHBIHA JKachbIHA Kapail capaiaHFaH, aBTOHOMMS-
HBI KOJIIATHIH HHCTHTYIIMOHAJIBIK TCIIEp Il Talall eTeTiHiH KopceTei. 3epTTey HOTHIKEIEepl )KOFaphl OKY OpbIH-
JapbIHIa TAGPIBIK TPaHCHOPMAUAHBI THIMIIPEK 1TepijieTyre BIKIaI eTe aTabl.

Tipex ce3aep: unudpiIbIK TpaHCPOPMAITHS, BIHTATAHIBIPYIIHI (haKTOpIIap, KOFaphl O171iM, OKBITYIIBUIAP MOTH-
BaLMSCHI, TEXHOJIOTHAHBI KaObU1Iay, YHBIMABIK KOJIAAY.
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CTAMYJIbl B TIPOLECCE ATANITAIIUH K AP®POBOM
TPAHC®OPMALUHU CPEIN IIPEITOJABATEJIEM YHUBEPCUTETOB: .
BHYTPEHHUWE N BHEITHHUE APAUBEPBI TEXHOJIOTUYECKUX USMEHEHUU

AHHOTAIUA

B Hacrosem ucciIegoBaHUK paccMaTpUBAIICh BHYTPEHHHUE U BHELTHUE CTUMYJIBI, BIHSIIONIME HA aJarTalnuio
podeccopcKo-TIPEnoaaBaTeIbCKOro cocTaBa K IM(poBoii TpaHchopMauy B CUCTEME BhICHIEro odpas3oBaHus. B
paboTe MpUMEHSIICS METO KPOCC-CEKIIMOHHOTO (TIOTIEPETHOT0) orpoca 154 mpenogaBaTeneil Ka3aXCTaHCKHUX BY30B C
UCTIONb30BaHNEM BAJIMIM3UPOBAHHBIX HHCTPYMEHTOB. Pe3yIbTaThl BBISBIIIN YETKYIO HEPAPXUIO CTUMYJIOB: BHYTPEH-
HHUE CTUMYJIbI (BHYTPEHHSISI MOTHBALIHS, caMO3((PEKTUBHOCTD) 00bsiCHsIH 21% YHUKAIBHON AUCIIEPCUU B IPUHSITHH
TEXHOJIOTH, TOT/Ia KaK OpraHu3alnoHHas nojiepxka — 4%, a BHEIIHHE HeraTuBHbIE CTUMYJIB — MeHee 1%. Bo3pacr
BBICTYIAJI 3HAYMMBIM MOJICPaTOPOM JIAaHHBIX B3aUMOCBsI3ei. BHyTpeHHHE CTUMYJIBI SIBISUINCH OOJiee CHIIbHBIMU TTpe-
TUKTOPaMH T MOJNOIBIX mpenonasateneit (f = 0,42 nportus 0,18), B To BpeMst Kak OpraHU3aIlMOHHAS TOAICPIKKA
nMerna Oolblliee 3HAUYSHHE UIs IpernomaBaTeneil crapmero Bo3pacta (B = 0,34 mportus 0,08). BHemHee naBieHue
OKa3bIBAJI0 HETATHBHOE BO3/IEHCTBHE TOIBKO CPEAN TperoaaBareneii crtapmrero Bo3pacta (f = —0,31). Knactepnsrit
aHaJIM3 MO3BOJIMII BBIJICIUTh YEThIPE THIIOJIOTUH MperoaBaTesiei, XapakTepu3yIoIUecs pa3InyHbIMU Tpo(GUIsIMu
«CTUMYI — peakius. [1oaydyeHHbIe pe3ybTaThl CBHAECTEILCTBYIOT O TOM, YTO yCHeNIHast Hu(poBas TpaHchopMmanus
TpebyeT muddepeHIPOBaHHbIX TI0 BO3PACTYy HHCTUTYIIMOHAIBHBIX ITOX0JI0B, ITO//ICPKUBAIOIINX aBTOHOMHUIO, a HE
€IMHOOOPa3HbIX AUPEKTHBHBIX NPEANUCAHUH. Pe3yabpTaThl HCCIea0BaHUS MOTYT CrIocoOCTBOBaThH Oosee 3(h(heKTnB-
HOMY TIPOJIBIKECHUIO I (PPOBOI TpaHCchopMaiy B BBICIINX YISOHBIX 3aBEICHUIX.

KiroueBble ciioBa: nudposas TpaHc(opMaIus, CTUMYIIbI, BbICIIEe 00pa30BaHNe, MOTHBANNS [IPEHoiaBaTenei,
MPUHSTHE TEXHOIOTHH, OpPraHM3allMOHHAs TTOJIEPKKA.
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